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Mirror Neurons Models which absorb Difference of Body Conditions between
Teacher and Learner

*Tetsunari INAMURA (JST/Univ. of Tokyo), Yoshihiko NAKAMURA (Univ. of Tokyo)

Abstract— An organ in brain named as Mirror Neurons fire when a human watches a motion as well as
when he/she acts the motion. This fact shows that the motion recognition and generation are executed by
bi-directional computation model, and the model leads to symbol communication. We think that the Mirror
Neurons is an important paradigm to the realization of high level intelligence for humanoid because the
organ could be regarded as symbol grounding models. In this paper, we propose a new method for acquiring
motion elements with absorption of difference of body conditions, in a situation where a learner tries to
imitate a teacher’s performance whose body differs from the learner.
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Fig.1 An Outline of Mimesis System
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Fig.2 Motion Sequence and Hidden Markov Models
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Fig.4 A generation result of step motion on a humanoid robot
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Fig.5 Transposition of gene
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Fig.7 Acquired motion elements without loop structure
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Fig.8 Acquired embodied self-motion elements
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