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Making Motion Primitive by Calculating Correlations of Each Joint and Abstract
It with HMM

*Twaki Toshima(Univ. of Tokyo), Tetsunari Inamura(JST, Univ. of Tokyo) and
Yoshihiko Nakamura(Univ. of Tokyo, CREST)

Abstract—In this paper, we propose a method for understanding others’ motion. Others’ motions are
transfered into primitive self motions, and re-generate for self motion. Primitive self motions should be
including a rerationship of time and space for all joints. We make primitive self motions using correlations
of each joint. Then abstract and recognize others’ motion with Hidden markov model and these primitive
self motions. This method is based on mimesis learning, which is a fundamental learning function of human.
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Fig.1 Overview of motion understanding system us-
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Fig.2 HMM and self motion primitive
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Table 1 Result of recognition with HMM
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