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Abstract Linear Discriminant Analysis (LDA)is widely used in various areas, e.g. image
recognition. However, when we try to apply LDA for large dimensional data, we are
confronted with a problem that we have to treat N x N huge matrix when the dimension
of data is V.

In the present study, an online algorithm for LDA is proposed and its local conver-
gence is proved. This algorithm has the ability of successive learning in the sense that
correction of the solution according to new additional data can be executed with small
computational cost. Thus it has the ability of adaptation to new environment. More-
over, our algorithm has the advantage that there is no need to maintain or calculate a

huge matrix. linear discriminant analysis, online learning, stochastic approxxmatlon
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